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Intuition: Documents as a mixture of toplcs
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What is Topic Modeling?

* A course-level analysis of what’s in a text collection
* Topic: the subject (theme) of a discourse
* Topics are represented as a word distribution

* A document is assumed to be a mixture of topics



More examples of topics

human
genome
dna
genetic
genes
sequence
gene
molecular
sequencing
map
mmformation
genetics
mapping,
project
sequences

evolution
evolutionary
species
OT2anisms
life
Or1gin
biologyv
OTOUPS
phylogenetic
[1ving
diversity
oToup
new
two
common

disease
host
bacteria
diseases
resistance
bacterial
NEew
strains
control
Imfectious
malaria
parasite
parasites
united
tuberculosis

computer
models
imformation
data
computers
system
network
systems
model
parallel
methods
networks
software
new
simulations

(Figure courtesy Prof. David Ble1)
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What is Topic Modeling!? (2)

* What’s known:
* The text collection or corpus
* Number of topics
* What’s not known:
* The actual topics
* Topic distribution for each document
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What is Topic Modeling? (3)

* Essentially, text clustering problem

* Documents and words clustered simultaneously

* Different topic modeling approaches available

* Probabilistic Latent Semantic Analysis (PLSA) [Hoffman ’99]
* Latent Dirichlet Allocation (LDA) [Blei, Ng, and Jordan, 03]





